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Abstract: This study expounded the development history and status of Guizhou kiwifruit industry,

viewed on the outstanding problems existed in industry development, then suggested measures based

on actual production, like adhered to the scientific and reasonable layout, sped up new and good,

disease resistance breeding,adjusted the male plant configuration mode, strengthened the application of

kiwifruit integration results and so on,in order to provided ideas and countermeasures for improving

Guizhou kiwifruit industry quality and efficiency and keeping its healthy sustainable development.
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Fig. 1 Temperature and relative humidity inside and

outside the greenhouse
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Fig. 2 Image capture settings in the greenhouse
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Fig. 3 Image processing program

Xt T AETT B IR, ik B 7 B AT Ak £
AN i E AL R R s I O E VAL A
S 2 MBHER . AXOF 55 8m
T IEZS oA M 1 3 23 A AR 4 18 pR %

1 et

P( ) E— 262 (1)9
xX b me
EART .
P(x) = 2—15(;‘%“ @.

A2 B— MU ESHEMRKIE.D B—
MRS D8, S8 a=0 1 b=1 WIEAR
PR oA A A 4 BT, A Matlab 2PFE
TS RER E BT B S AR HEIEAS o R R
Wl et af b, B TGS R
FT%RHE PPVE R HAED . NPV (i )

TR . R AR FgF b

TP
PPV = 75 7p (3,

TN
NPV =m0 4,

TP

o TN
**TE*@_TNJrFP (6,

b DB R

(BUE + B °

HKrf, PPV R A BHPEAGI 45 R A 7 4

. NPV EAREGE0 F BAVEAG I 45 R 1 G 2 L,
SR R A 45 SR DR 2 36 IR IR RE T
FHRIER 2 ORI BE 1, Forp TN SB BB
e FEN WA, TP FLFHME FP R B,
SRR AR 2 DGR Al LA R R —
ANECHE S TR —A~ B3 I AT RE 2T 2008 — R
Ao E A TG A PR RE , A R RS
THHRAHERE.

1.0 :
0.8F Y5y

ﬁé 04} \ .
02l ‘ @@E?}ﬁfn i
— R |

—

-3 -2 -1 0 1 2 3

X

4 PREESSE. TSR
Fig. 4 Standard normal distribution,

Laplacian distribution

PRI EEE B 215 ML, 238 MR
FRMERE RS . BNBIRERR T 8 My
AEHE R : MTD AR vEfR 2 (SD) L 814 80 bR e IF
O3 A AL R 43 A5 (R2, R) | IE 25 AP hr
WA B oR B b S8 A B RN B R 5 B
R BRSNS HP RS BPER. SHRER
Bt P E ORI 4 AR AT A 28 N AL 2

RGO 2 2 B b AT 2 T BRI 4
ZMER 2, B BSOS R BB 1-then BTN 4%
i, LM HTREBEMINGERGESE. "It/
PRI BON R B B SO 1E . 20
Ak A — A A L B k-means B85 07 B89
RSHABR if-then R, 57 A b 1) L B 6 7
(SCO BB LA 2RAR I SEOIA TR

2 GHRE5HMH

2.1 BWEGEKSEHAM A EEZUSH
ARYE LS Bl 4 o e JER R X T
SRR W BB . LARTEIAT R SR T 78 5
ATREREH TR B H RN BB AR
TRHGUR SRR ], BRI 2 A AT AT AT
EAEHILARTE L, M R R E IR AIRE



148 It B B Z

THC(®

Membership
layer

Input
layer

MTD

SD

Skewness

Ri?

Kurtosis

Fuzzification Defuzzification
layer layer

Normalization
layer  Output
layer

Diseased=1
Healthy=2

5 MK

Fig. 5 Neural fuzzy classifier

=W (fHE D AR &5 FRSILFF R4 . ik
B 3 AR BE AR Ak X 35, GIze 1 /N 3 S R & KO 5 31
BRI A MTD 5 3. Y918 FAE B 45 o
Rz, R ER, HRRREXBEET K
2.3 C, loh . R ERE RS 7 KRB THE—1
HEAF LBrRE S .
2.2 HEEBSHENSHT

K-means J& F T 324 a8 & 7 H ¢ Y R A

HHE AR T Z 2%, 8 N R Z Rt fE R A
e, Ho 8 SE43 B3R5 92. 55 %1 92. 30 %Il
GRS R . K 2 B TR 4
(PRI, BEERCRE TN A P o 1o B (S BRI
7 0.5), KB MTD.SD. & R” \WAE b, 1 by o

x£1 BERYSWSEEENNME
Table 1 The impact of the number of clusters on

classification performance
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Table 3 Classification performance of the classifier
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Table 4 Performance of the classifier in the greenhouse test
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Table 5 Comparison of classification performance indicators under two irrigation systems (greenhouses)
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Early Detection of Powdery Mildew Infected Rose Leaves Based on
Thermal Image Characteristics

ZHANG Guoqi, TIAN Yanting
(1. School of Physics and Optoelectronic Engineering, Taiyuan University of Technology, Taiyuan, Shanxi 0306003
2. School of Physics and Optoelectronic Engineering, Taiyuan University of Technology, Taiyuan, Shanxi 030600)

Abstract; The surface temperature of infected and uninfected rose plants was observed by digital
infrared thermal imager. The leaf temperature of the infected area was increased by 2.3 C. In
addition, by classifying healthy and infected leaves, select the best experimental leaves and observe
their thermal characteristics; use absolute temperature measurement to select their temperature
maximum, minimum, median, maximum temperature difference, standard deviation,and fit the data. To
the standard normal distribution and the Laplacian distribution curve, then the neural fuzzy classifier
was used to identify the infected and healthy leaves;finally,the k-means clustering method was used to
obtain the original parameters and fuzzy rules,and the 8 clusters of the classifier were trained. And
testing, the accuracy rate reached 92.55% and 92.30%. The results showed that drought had an
adverse effect on healthy leaves. Under drought conditions, the positive predictive value and specificity
index of healthy leaves decreased correspondingly, while the performance of leaves did not significantly affect
in the dark.

Keywords: neuro-fuzzy classification; k-means clustering; hot histogram



