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Effects of Photosynthetic Bacterial on Growth of
Melon Seedlings in Early Spring

LI Yunling
(Agricultural of College, Weifang University of Science and Technology, Shouguang, Shandong 262700)

Abstract;  Shabai No.1’ melon was taken as test material, the effects of different concentration
(1X10°—8X 10° cfu » mL ') photosynthetic bacteria on growth of melon seedling under low
temperature stress were studied by spraying-leaf method. The results showed that spraying 1 X10°—
4X10° cfu » mL™! PSB on leaves of melon improved the level of biochemical substance and the ability
of osmotic adjustment, stimulated seedling growth under low temperature stress,and improved greatly
the resistance of melon, The optimal concentration to spray on leaves of melon was 4X10° cfu » mL™
PSB, but 8. 0X10° c¢fu » mL~* PSB would be toxic to melon seedlings.
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Fig. 1 Flow of weed identification
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Note: (a)Cauliflower; (b) Alternanthera philoxeroides; (c) Crabgrass; (d) Little thrush; (e)Purslane; (f) Veronica. The same as below.
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Fig. 2 Seedling images of various weeds and cauliflower
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Fig. 3 Binary image of cauliflower seedling and

all kinds of weeds
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Table 1  Definition of shape characteristic parameters

FHIESE sy FERHER
Characteristic Symbols and
Definition
parameter formulas

TR Area FEER I A
K Perimeter RNEMKER S P
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{HH B Stretch length I IRA A E=(L—W)/(L+W)
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Fig. 4 Back propagation artificial neural

network structure
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Table 2  Support vector machine classification and
recognition of radial basis kernel function
TR JRBIHELL 1dentification condition
Test sample TR/ A~ FE/A R/ %
RE3E Cauliflower 44 6 88
ZH Weed 10 90 90
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Weed Identification Technology of Greenhouse Vegetable Crops in
Greenhouse Based on Improved Artificial Neural Network

DONG Liang, LEI Liangyu, LI Xueyuan, LIU Bing, ZHANG Hui
(School of Engineering, Zhejiang A & F University, Lin'an, Zhejiang 311300)

Abstract; The greenhouse has been widely used in the cultivation of vegetables, in the production of
high efficiency, weed control problems need to be solved urgently. The design was used an improved
artificial neural network algorithm to deal with the weed identification in the seedling stage,and the
optimization of the parameters of the genetic algorithm in order to reduce the number of errors. The
results showed that with the radial basis kernel function of support vector machine algorithm,
improved artificial neural network algorithm to identify the correct rate was more high, more than 94 %
and high efficiency of identification could provide technical support for further weeding robot
development.
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